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=0 Table 1: Neural GPU vs. DFST on Arithmetic Tasks
Obser'VClTlon: X[ On¢'h0t [W[(p t)] Framework Metric add?2 add10 mult2 multlO
Y e # Samples ~200k N/A  ~200k N/A
A ] Neural GPU # Model Parameters 10368 N/A 10368 N/A
. ,’ T ' WOf‘Id'STGTZ: f Max Train Number Length 20 N/A 20 N/A
Theo ruy of MGCh'”e | DFSTQ- ! ‘ Pepcep'hon; 1 { f{ w/ Input-Output Data Robust LG < 20 N/A <38 N/A
. ¢ | E Wt Probabilistic LG > 2000 N/A > 2000 N/A
Learning Lab Vh,. =AMx) h{ P11 =P ° My , — “ 4 Samples 20 225 750 10000
S m———— Y — ) ot " # Model Parameters 1020 8900 5280 162108

—. —— o L ) - Max Train Number Length 3 3 5 5
st s s IS w/ PTO Data Robust LG > 3850 > 2450 > 600 > 180
Action: a, = (gt, 7 t) = argmax [(B(xt), C(Xz)) ht] Probabilistic LG > 3850 >2450 > 600 > 180
Bold numbers indicate inability to test on longer inputs due to GPU memory constraints.



